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Abstract: Through well-defined interfaces and runtime support library, MapReduce parallel programming model can auto-
matically perform the large-scale computing tasks in parallel, hide the underlying implementation details, and reduce the difficulty of
parallel programming. This paper reviews the domestic and overseas research of the MapReduce, describes and analyzes the charac-
teristics and lack of the typical research achievements about MapReduce at home and abroad. Then this paper focus on the in-depth
analysis of the key technologies about MapReduce (including: model optimization, model implementation according to the different
platforms, task scheduling, load balancing, and fault tolerance) . Finally, this paper prospects the MapReduce for the future trend.
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Map(String key, String value) :
//key: SCRYHY 44 7 s value : SCES AN 25
for each word w in value;
EmitIntermediate( w, “1”) ;
Reduce(String key, Iterator values) :
//key:— 1) 5 values: — 114851
int result = 0;
for each v in values:
result + = Parselnt(v) ;

Emit( AsString(result) ) ;
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